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create pseudo-MLE estimate

!𝜽!"# = 𝑭$$%& 𝒕$$ + 𝜽'()
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Train the networks using a “KL”-type loss:
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Train the networks using a “KL”-type loss:

score network

fisher network



optimal for linear regression … 
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… even when the global noise 
distribution changes !
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what about graphs ? 
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Use as a drop-in replacement for graph network aggregation
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improve information embedding + 
extraction for common benchmarks
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