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The choice of bottleneck width affects the embedding!

(Bahadur+2019, arxiv:1909.10702)
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e Explainability wms and piffusion Models)

e Intrinsic Dimensionality Estimation s

e Manifold Fitting (cameLs Galaxy Properties)

e Accelerated Symbolic Regression cms rower spectra)

® CompIeXIty Ranki NE (Black Hole Binary Light Curves)
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Complexity Ranking (Ricketts+2022, arXiv: 2301.10467)
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Conclusion

We've introduced Information-Ordered
Bottlenecks (I0OBs), a procedure for ranking
information in latent neurons.

It is useful for:

Explainability

Intrinsic Dimensionality Estimation
Manifold Fitting

Accelerated Symbolic Regression
Complexity Ranking

Matthew Ho
(matthew.annam.ho@gmail.com)

Information-Ordered Bottlenecks
for Adaptive Semantic
Compression

arxXiv: 2305.11213

pytorch-iobs
https://github.com/maho3/pytorch-iobs

Includes Jupyter notebooks to generate all
non-science examples!
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